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Knowledge Base Construction Using Fonduer

Introduction and Background

Fonduer is a machine-learning based knowledge base Input: Richly formatted documents (e.g. PDF/HTML/XML /etc.) — QOutput: Structured knowledge base
construction (KBC) framework for richly formatted data,
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e Data Variety: The same information can be pre- return 0

sented in many different formats and styles, in ad-
dition to linguistic variations.
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e Leveraging multimodal supervision allowed users to
create knowledge bases more effectively than tradi-
tional manual annotations alone.

0.770_720.70

Paper: arxiv.org/abs/1703.05028

Quality (F1)

Code: github.com/HazyResearch/fonduer

Quality (F1)
o
T

| 0.77
> 05 2.6x |
| 12.8x 0.30
. 0.06 I
0 B

Elec. Sentence Table Page Document

o




